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1. Introduction

• Academy of Motion Picture Arts and Sciences (AMPAS)

• Since 1928, recognized outstanding achievement in film

• Academy Awards, or Oscars, in various categories, e.g.

Best Picture, Director, Lead Actor, Lead Actress

• Nominees selected by AMPAS members early in the year

•Winners (voted by AMPAS members) announced at

ceremony in late Feb

• Intense media/public interest in predicting winners
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2. Data

• Best Picture

− Total Oscar nominations

− Best Director Oscar nomination

− Best Picture (drama) Golden Globe

− Best Picture (musical or comedy) Golden Globe

− Guild award (PGA or DGA)

• Best Director

− Total Oscar nominations

− Best Picture Oscar nomination

− Previous Best Director Oscar nominations

− Guild award (DGA)
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• Best Actor in a Leading Role

− Best Picture Oscar nomination

− Previous Best Actor Oscar nominations

− Previous Best Actor Oscar wins

− Best Actor (drama) Golden Globe

− Best Actor (musical or comedy) Golden Globe

− Guild award (SAG)

• Best Actress in a Leading Role

− Best Picture Oscar nomination

− Previous Best Actress Oscar wins

− Best Actress (drama) Golden Globe

− Best Actress (musical or comedy) Golden Globe

− Guild award (SAG)
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• All four categories

− Indicator for the first “front-running movie”

− Indicator for the second “front-running movie”

− Indicator for the third “front-running movie”

• Excluded variables

− Previous Best Director Oscar wins

− Previous Best Actress Oscar nominations

− Total Oscar nominations for predicting acting winners

− Age of Actor/Actress nominees

− Supporting actor nominations/wins, genre, MPAA rating,

length, release date, critic ratings, other awards
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3. Estimation

•McFadden’s conditional logit model

(more commonly called multinomial logit now)

• Pr(Y =j|xi) =
exp(βTxij)∑

h∈Ci
exp(βTxih)

• IIA seems reasonable for this application

• Data up to 1937 used to fit model to predict 1938 winners

Append 1938 results, update model to predict 1939 winners

and so on . . . up to 2004 winners

• Use R and Bugs (flexibility, convenience, familiarity)
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• Priors

− noninformative (mean zero, variance ten)

− informative using previous year’s model posteriors

• Time series

− use weights to down-weight older data

−moving window uses only previous N years of data

• Variable selection

− availability (e.g., Golden Globes 1944 on, SAG 1995 on)

− sufficient predictive power, expected coefficient sign

• Predictive accuracy

−minimize one-year-ahead out-of-sample errors

7



4. Results

• Correctly identified 186 of the 268 Best Picture, Director,

Actor, and Actress Oscar winners from 1938–2004

• Corresponds to an overall prediction accuracy of 69%

• Prediction accuracy has improved over time (see plot on

next slide)

• Overall prediction accuracy for last 30 years (1975–2004) is

97/120, or 81%

• Role of explanatory variables in helping to predict Oscar

winners changes over time (see plot on next slide but one)
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