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Abstract:

Every year since 1928, the Academy of Motion Picture
Arts and Sciences has recognized outstanding achieve-
ment in film with their prestigious Academy Award,
or Oscar. Before the winners in various categories are
announced, there is intense media and public inter-
est in predicting who will come away from the awards
ceremony with a golden Oscar statuette. There are
no end of pet theories about which nominees are most
likely to win, based on observations such as the fact
that only three movies have won the Best Picture Os-
car without also receiving a Best Director nomina-
tion. Despite this, there continue to be major sur-
prises when the winners are announced. This arti-
cle frames the question of predicting the four major
awards—picture, director, actor in a leading role, ac-
tress in a leading role—as a discrete choice problem.
Using Bayesian modeling techniques, it is possible to
predict the winners in these four categories with a rea-
sonable degree of success. The analysis also reveals
which past nominees have really upset the odds (win-
ners with low estimated probability of winning), and
which appear to have been truly robbed (losers with
high estimated probability of winning).

1. Introduction

Each year, hundreds of millions of people around the
world watch the television broadcast of the Academy
Awards ceremony, at which the Academy of Motion
Picture Arts and Sciences (AMPAS) honors filmmak-
ing from the previous year. Almost 6000 members
of AMPAS vote for the nominees and final winners
of Academy Awards, more commonly known as Os-
cars, in a wide range of categories for directing, act-
ing, writing, editing, etc. Oscars have been presented
for outstanding achievement in film every year since
1928, and are generally recognized to be the premier
awards of their kind since AMPAS voting members are
themselves the foremost workers in the motion picture
industry. In a comparison with other movie awards
and movie guide ratings, Simonton (2004b) finds sub-
stantial validity for the Oscars, and notes that “Those
who take an Oscar home can have a strong likelihood

of having exhibited superlative cinematic creativity or
achievement.”

As well as honoring filmmakers, Oscars can boost
the box-office performance of nominated and winning
films (see Dodds and Holbrook, 1988; Nelson et al.,
2001, for example). It has even been shown that win-
ning a Best Actor or Best Actress Oscar is associated
with a gain in life expectancy, perhaps four extra years
of life (Redelmeier and Singh, 2001). There have been
a number of studies into the factors that impact the
economic success of movies, including Collins et al.
(2002); Litman (1983); Simonoff and Sparrow (2000);
Sochay (1994); Terry et al. (2005a,b). While movie
awards can boost revenues, in general there is little
association between budget and box office variables
and the most important movie awards, such as the
Oscars(see Simonton, 2005a,b).

This study differs from the previously cited research
into the economic and aesthetic aspects of the Oscars,
and focuses purely on the goal of predicting the win-
ners of the four major awards—picture, director, ac-
tor in a leading role, actress in a leading role—from
those nominated each year. Although many in the
media (as well as movie-loving members of the pub-
lic) make their own annual predictions, it appears that
the only previous researchers to conduct a formal sta-
tistical analysis are Bennett and Bennett (1998) who
attempted to predict the winners of the best acting
Oscars from 1936 to 1996. Simonton (2002), while
not explicitly modeling the probability of winning an
Oscar, applied multiple linear regression to model a
film’s impact (based on a Best Picture Oscar nomina-
tion/win) using the other Oscar categories as predic-
tors. A related study (Simonton, 2004c) used factor
analysis and regression to link clusters of Oscar cate-
gories to a film’s impact.

The outline of the article is as follows. Section 2
describes the data used. Since the goal is to pre-
dict the eventual winner from a list of nominees, any
information on the nominees that is available before
the announcement of the winner is potentially use-
ful, including other Oscar category nominations, pre-
vious nominations and wins, and other (earlier) movie
awards. Section 3 motivates the discrete choice model
used to provide annual predictions, and discusses the
modeling process, including Bayesian estimation, han-



dling the time series nature of the data, variable selec-
tion, and assessing predictive accuracy using one-year-
ahead, out-of-sample errors. The modeling approach
used allows prediction of the four major Oscars from
1938 to 2004 (earlier years had yet to accumulate suffi-
cient information to provide satisfactory predictions).
Presentation of the final results in Section 4 includes
interesting insights into just how predictable the four
major Oscars are, which factors play an important role
in the predictions, and also how these have changed
over time. It is also revealing to identify past win-
ners with an exceptionally low estimated probability
of winning, and past nominees with a very high es-
timated probability of winning who did not actually
win. Finally, Section 5 contains a discussion.

2. Data

All data have been obtained from reliable In-
ternet sources, “The Fennec Awards Database”
(awards.fennec.org) and “The Internet Movie
Database” (us.imdb.com). A description of the ex-
planatory variables used to predict the four major
Oscar winners from 1938 to 2004 follows, with data
ranges for the predicted years’ awards indicated with
square brackets “[ ]” (each variable was included only
for the years in which it provided some predictive
power).

Picture
1. Total number of Oscar nominations [1938–2004].
Nominees for Best Picture are often also represented
by multiple nominees in other categories, and the
chances of winning are generally thought to increase
the higher the total number of nominations. For ex-
ample, the median number of nominations for winners
of the Best Picture Oscar since its inception (1928–
2004) is nine, whereas the median number of nomina-
tions for losing Best Picture nominees is six.
2. Indicator for Best Director Oscar nomination
[1938–2004]. Only three movies have won the Best
Picture Oscar without also receiving a Best Director
nomination (Wings in 1928, Grand Hotel in 1932, and
Driving Miss Daisy in 1989).
3. Indicator for winning a Golden Globe for Best
Picture or for Best Picture (Drama) [1946–2004].
The Hollywood Foreign Press Association (a group
of Southern California-based international journalists)
has awarded its Golden Globes every year since 1944
to honor achievements in film during the previous cal-
endar year. Since Oscars are presented some time af-
ter Golden Globes (up to two months later), winning
a Golden Globe often precedes winning an Oscar. For
example, of the 62 Best Picture Oscar winners from
1943 to 2004, 34 had won a Golden Globe for Best
Picture (Drama) a few weeks earlier.

4. Indicator for winning a Golden Globe for Best Pic-
ture (Musical or Comedy) [1956–2004]. The Golden
Globe award for Best Picture was separated into two
distinct categories in 1951: Drama and Musical or
Comedy. Of the 54 Best Picture Oscar winners from
1951 to 2004, ten had won a Golden Globe for Best
Picture (Musical or Comedy) a few weeks earlier.
5. Indicator for winning a Directors Guild of Amer-
ica (DGA) award (between 1951 and 1988) or a Pro-
ducers Guild of America (PGA) award (since 1989)
[1951–2004]. DGA has been awarding its honors for
best Motion Picture Director since 1949 (with all but
two early awards made before the announcement of
the Best Picture Oscar). Since 1989, PGA has been
awarding its honors to the year’s most distinguished
producing effort (with all but the first awarded be-
fore the announcement of the Best Picture Oscar). Of
the 40 Best Picture Oscar winners from 1949 to 1988,
31 had already won a DGA award (and two would
subsequently win one). Of the 16 Best Picture Os-
car winners from 1989 to 2004, ten had already won a
PGA award (and one would subsequently win one).

Director
1. Total number of Oscar nominations [1939–2004].
As for Best Picture, nominees for Best Director are
often for movies which are also represented by multiple
nominees in other categories.
2. Indicator for Best Picture Oscar nomination [1944–
2004]. Only two directors have won a Best Director
Oscar for a movie that did not receive a Best Picture
nomination (Lewis Milestone who won a Best Director
(Comedy) Oscar for Two Arabian Nights in 1928, and
Frank Lloyd who won a Best Director Oscar for The
Divine Lady in 1929).
3. Natural logarithm of the number of previous Best
Director Oscar nominations [1938–2004]. A direc-
tor’s chance of winning an Oscar tends to increase
the more times they have been nominated in previ-
ous years. For example, 18 percent of Best Director
Oscar nominees with no previous directing nomina-
tions have won the Oscar, whereas 24 percent of Best
Director Oscar nominees with one or more previous
directing nominations have won. This variable has
been log-transformed because it is highly skewed.
4. Indicator for winning a Golden Globe for Best Di-
rector (between 1945 and 1950) or a Directors Guild
of America award (from 1951) [1945–2004]. Of the 62
Best Director Oscar winners from 1943 to 2004, 33 had
already won a Golden Globe for Best Director. Of the
56 Best Director Oscar winners from 1949 to 2004,
49 had already won a DGA award (and one would
subsequently win one). Separate indicators were not
included for both the Golden Globe Best Director and
DGA awards from 1949 on because of collinearity be-
tween the two awards.



Leading actor
1. Indicator for Best Picture Oscar nomination [1939–
2004]. Only 12 actors have won the Best Actor Oscar
for a movie that did not receive a Best Picture nomi-
nation (most recently, Denzel Washington for Training
Day in 2001).
2. Natural logarithm of the number of previous Best
Actor in a Leading Role Oscar nominations [1938–
2004]. 19 percent of Best Actor Oscar nominees with
no previous lead actor nominations have won the Os-
car, whereas 23 percent of Best Actor Oscar nominees
with one or more previous lead actor nominations have
won. This variable has been log-transformed because
it is highly skewed.
3. Natural logarithm of the number of previous Best
Actor in a Leading Role Oscar wins [1939–2004]. An
actor’s chance of winning an Oscar tends to decrease
the more times they have won in previous years. For
example, 23 percent of Best Actor Oscar nominees
with no previous lead actor wins have won the Os-
car, whereas ten percent of Best Actor Oscar nomi-
nees with one or more previous lead actor wins have
won. This variable has been log-transformed because
it is highly skewed.
4. Indicator for winning a Golden Globe for Best Ac-
tor in a Leading Role (Drama) [1944–2004]. Of the 62
Best Actor Oscar winners from 1943 to 2004, 39 had
won a Golden Globe for Best Actor (Drama) a few
weeks earlier.
5. Indicator for winning a Golden Globe for Best Ac-
tor in a Leading Role (Musical or Comedy) [1965–
2004]. The Golden Globe award for Best Actor in
a Leading Role was separated into two distinct cat-
egories in 1950: Drama and Musical or Comedy. Of
the 55 Best Picture Oscar winners from 1950 to 2004,
six had won a Golden Globe for Actor (Musical or
Comedy) a few weeks earlier.
6. Indicator for winning a Screen Actor’s Guild (SAG)
award [1995–2004]. Since 1994 SAG has awarded five
statuettes, known as ”The Actor,” for achievements
in film (always before the Oscar Ceremony), including
Male Actor in a Leading Role and Female Actor in a
Leading Role. Of the 11 Best Actor Oscar winners
since 1994, seven had already won a SAG award.

Leading actress
1. Indicator for Best Picture Oscar nomination [1939–
2004]. Only 25 actresses have won the Best Actress in
a Leading Role Oscar for a movie that did not receive
a Best Picture nomination (most recently, Charlize
Theron for Monster in 2003).
2. Natural logarithm of the number of previous Best
Actress in a Leading Role Oscar wins [1938–2004]. 24
percent of Best Actress Oscar nominees with no pre-
vious lead actress wins have won the Oscar, whereas
13 percent of Best Actress Oscar nominees with one

or more previous lead actress wins have won. This
variable has been log-transformed because it is highly
skewed.
3. Indicator for winning a Golden Globe for Best Ac-
tress in a Leading Role (Drama) [1944–2004]. Of the
62 Best Actress Oscar winners from 1943 to 2004, 31
had won a Golden Globe for Best Actress (Drama) a
few weeks earlier.
4. Indicator for winning a Golden Globe for Best Ac-
tress in a Leading Role (Musical or Comedy) [1952–
2004]. Of the 55 Best Actress Oscar winners from
1950 to 2004, 11 had won a Golden Globe for Best
Actress (Musical or Comedy) a few weeks earlier.
5. Indicator for winning a Screen Actor’s Guild award
[1996–2004]. Of the 11 Best Actress Oscar winners
since 1994, eight had already won a SAG award.

Variables included for all four categories
1. Indicator for the first “front-running movie” [1938–
2004]. This variable allows for the possibility that the
chance of a nominee winning an Oscar could be linked
to the fortunes of other nominees for the same movie.
Each year there are often a handful of movies con-
sidered to be the Oscar front-runners—movies with
multiple nominations in the more high-profile cate-
gories (including picture, director, and acting). To
identify these front-runners, the Oscar categories were
ranked each year based on previous Best Picture Os-
car winners (for example, the Best Director category
usually ranks highly since Best Picture Oscar win-
ners nearly always also have a Best Director nomina-
tion). Then, a “nomination score” can be calculated
for each movie nominated for one of the four major
Oscars based on these rankings (for example, movies
with many nominations in the top-ranked categories
will have higher nomination scores than movies with
few nominations). The indicator variable then identi-
fies the top front-runner as the movie with the highest
nomination score, and takes the value one for all nom-
inees associated with this movie.
2 and 3. Indicators for the second and third front-
running movies [1959–2004]. These variables identify
the movie with the second and third highest nomina-
tion scores, and take the value one for all nominees
associated with these movies.

Excluded variables
While a variable for previous Best Director Os-

car nominations is included, including the number of
previous Best Director Oscar wins tended to worsen
rather than improve predictions. Conversely, while
a variable for previous Best Actress Oscar wins is
included, the number of previous Best Actress Os-
car nominations tended to worsen predictions. Also,
while a variable for the total number of nominations
improves predictions of the Best Picture and Best Di-



rector Oscar winners, such a variable worsens predic-
tions of the acting Oscar winners.

It is well documented that female winners of acting
Oscars tend to be younger than male winners (Mark-
son and Taylor, 1993; Gilberg and Hines, 2000). For
example, the median age of Best Actress Oscar win-
ners between 1928 and 2004 was 33, whereas that
for Best Actor was 42. However, the age differences
within gender between Oscar winning and losing nom-
inees are less dramatic. In the first third of the Os-
cars’ history (1928–1953), the median age of Best Ac-
tress Oscar winners was 29 versus that of losing nom-
inees of 33. Comparable figures for the second third
(1954–1979) are 34 versus 34, and for the final third
(1980–2004) are 35 versus 37. In other words, actress
nominee ages have increased over time, with winning
nominees tending to be slightly younger than losing
nominees (less so during the middle period). For Best
Actor nominees, comparable figures for the first third
are 41 versus 38, for the second third are 43 versus 39,
and for the final third are 43 versus 45. Thus, actor
nominee ages have also increased over time, with win-
ning nominees tending to be slightly older than losing
nominees initially, but tending to be slightly younger
more recently. Age effects of this nature on the chance
of winning an acting Oscar can be picked up by adding
age and age-squared variables (i.e., quadratic terms)
to the models for Best Actor and Best Actress. Nev-
ertheless, incorporating quadratic terms for age into
the models failed to improve predictions of winners.

Other variables that were investigated but which
did not improve results include supporting actor Oscar
nominations and wins, genre of the nominated movie
(e.g., drama, comedy, etc.), Motion Picture Associ-
ation of America rating (e.g., PG, R, etc.), running
time (i.e., length of the movie), release date, movie
critic ratings, and other pre-Oscar awards (e.g., New
York Film Critics Circle, Los Angeles Film Critics As-
sociation, National Society of Film Critics, and Na-
tional Board of Review).

3. Estimation

The goal is to predict the four major Oscar winners
for each year from 1938 to 2004 using any information
on the nominees that is available before the announce-
ment of the winner. This can be framed as a series of
discrete choice problems with one winner selected in
each category each year from a discrete set of nomi-
nees (usually five, although up until 1936 the number
of director and acting nominees varied between 3 and
8, while up until 1944 the number of picture nominees
varied between 5 and 10.

In this particular discrete-choice application, the ex-
planatory variables described in Section 2 take dif-
ferent values for different response (nominee) choices.

McFadden (1974) proposed a discrete-choice model for
just such a case where explanatory variables are char-
acteristics of the choices. This model also permits the
choice set to vary across choice experiments, which in
this case are each of the four categories (picture, direc-
tor, actor, actress) in each of the years (1938–2004).

For experiment i and response choice j, let xij =
(xij1, . . . , xijp)T denote the values of p explanatory
variables, and let xi = (xi1, . . . , xip). Conditional
on the choice set Ci for experiment i, the model for
the probability of selecting choice j is

Pr(Y =j|xi) =
exp(βTxij)∑

h∈Ci
exp(βTxih)

,

where Y is the categorical response variable represent-
ing the winning nominee. For each pair of choices a
and b, this model has the logit form

log[Pr(Y =a|xi)/Pr(Y =b|xi)] = βT(xia−xib).

Conditional on the choice being a or b, a variable’s ef-
fect depends on the difference in the variable’s values
for those choices. If the values are the same, then the
variable has no effect on the choice between a and b.
Thus McFadden originally referred to this model as a
conditional logit model, although it is now more com-
monly called a multinomial logit model because the
underlying likelihood is a multinomial distribution.

The multinomial logit model just described exhibits
a property known as the independence of irrelevant
alternatives, or IIA (Luce, 1959). For example, in a
choice set containing two alternatives a and b, the ad-
dition of a third alternative can have no impact on
the ratio Pr(Y = a|xi)/Pr(Y = b|xi). In other words,
the new alternative gains share proportionately from
the choice shares of the existing alternatives in the set.
There exist contexts in which this property fails to de-
scribe observed behavior. For example, suppose there
are two soft drink beverages available in a choice set,
one cola flavored and the other lemon flavored, say.
The introduction of an alternative cola flavored soft
drink (with a different name but otherwise indistin-
guishable from the existing cola) would most likely
take most of its market share from the other cola
rather than equally from both existing drinks. How-
ever, in the Oscars application, it seems reasonable to
assume IIA, since nominees are unlikely to be consid-
ered close substitutes for one another. IIA is also sup-
ported by the manner in which the winner is selected
(using plurality voting) as the nominee who receives
the most votes from all active and lifetime members
of AMPAS (see Gehrlein and Hemant, 2004).

Multinomial logit models can be fit with a variety of
statistical software packages. For reasons of flexibil-
ity, convenience, and familiarity, Bugs (Spiegelhalter



et al., 2003) is used here for model estimation, with
R (R Development Core Team, 2005) used to process
data and results. All data available before the an-
nouncement of the 1938 Oscars is used to fit a model
which can predict the winners for that year. Then,
the actual outcome of the 1938 Oscars is appended
to the previous dataset, and used to fit a new model
which can predict the winners of the 1939 Oscars. The
process repeats, adding new variables as they become
available, up to the most recent Oscars in 2004.

Bugs uses Bayesian estimation techniques based on
Markov Chain Monte Carlo simulation to fit the mod-
els. This requires specification of prior distributions
for the β-parameters in the model. Standard non-
informative normal priors (centered at zero, with vari-
ance 10) produced stable results with reasonable pre-
dictive accuracy. The results in Section 4 are based
on the last halves of three chains of 4000 simulations
each (the first half of each chain—considered burn-
in—was discarded). Since the 0.975 quantiles of the
corrected scale reduction factor (Brooks and Gelman,
1998, p.438) were each 1.1 or less, convergence to sta-
tionary posterior distributions (all unimodal) seems
likely. It is also possible to use more informative prior
distributions in this application. In particular, since
67 models are fit, one after another, it is possible to
use normal approximations of the posterior distribu-
tions of the β-parameters for the model fit to predict
year t as the prior distributions for the model fit to
predict year t + 1, and so on. Using such priors pro-
duced equivalent, but not better results, than using
the non-informative priors discussed above.

The time series nature of the iterative estimation
process also permits some modeling flexibility. The
process as described uses all previous data for predict-
ing any particular year’s Oscars. However, it is possi-
ble that more accurate models might be estimated if
older data were down-weighted in some way relative to
more recent data. One approach to doing this might
be to weight the data and adjust the estimation pro-
cess to take account of the weights in fitting the model.
Experiments with weighting schemes of this nature
failed to improve predictive accuracy however. An al-
ternative method for down-weighting older data is to
use a moving window approach whereby each model is
fit using just the previous N years of data. Setting N
too low (say 50) for this application produced less sta-
ble parameter estimates with correspondingly worse
predictions. Setting N too high (say using all previ-
ous data) might have produced parameter estimates
that remain overly affected by very early Oscar voting
patterns. However, systematic experimentation with
the moving window length N ultimately suggested us-
ing all previous data.

As indicated in Section 2, the explanatory variables

enter the models at various points between 1938 and
2004. The main restriction on when a variable en-
ters a model is the earliest date at which the vari-
able is available. For example, since the first Golden
Globes were for 1943 movies, the earliest that Golden
Globe variables can be used is in the prediction of
1944 Oscars. However, variables were also omitted for
years in which they provided little predictive power or
counter-intuitive parameter estimates. For example,
although a high number of Oscar nominations gener-
ally improves the chance of a nominee winning a Best
Picture or Best Director Oscar, this association only
became established for the directing Oscar from 1938
on (so that this variable is only used for predicting
Oscar winners from 1939 on).

To assess the predictive accuracy of the various
modeling choices just described, one-year-ahead, out-
of-sample errors were used. For example, the four
major Oscars winners for 1938 were predicted from a
model fit to data from 1928–1937. Then, the winners
for 1939 were predicted from a model fit to data from
1928–1938, and so on.

4. Results

Using the modeling approach describes in Section 3,
186 of the 268 Best Picture, Director, Actor, and Ac-
tress Oscar winners from 1938–2004 were correctly
identified, corresponding to an overall prediction ac-
curacy of 69%. With more data available in the later
years, prediction accuracy has improved over time.
For example, the overall prediction accuracy for the
last 30 years (1975–2004) is 97 correct predictions out
of 120, or 81%. Figure 1 summarizes overall results
across the four categories. Overall, the Best Direc-
tor Oscar has been the most predictable, then the
Oscars for Best Picture, Best Actor, and Best Ac-
tress, respectively. Each of the categories have be-
come more predictable over time, particularly Best
Actress, which was very hard to predict up until the
early 1970s (see Simonton, 2004a, for some discussion
of the contrast between movies with Best Actor and
Best Actress nominations).

From the modeling process described in Section 3,
the roles of the explanatory variables in helping to
predict Oscar winners can change over time; Figure 2
illustrates. The importance of receiving a Best Di-
rector nomination (for Best Picture nominees) of a
Best Picture nomination (for Best Director, Actor, or
Actress nominees) has tended to increase over time
(except perhaps for actors), as shown by the trends
in the green points. Previous nominations appear to
have remained approximately equally important for
Best Director nominees, but were more important for
Best Actor nominees in the past then they have been
more recently (red points). Previous wins seemed to
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Figure 1: 30-year moving averages of the proportion of correct predictions in each of the four major Oscar
categories. The moving average values are placed at the ends of the 30-year periods. For example, at the far
right of the graph the proportions of correct predictions over the period 1975–2004 are 93% for Best Director,
77% for Best Picture, 77% for Best Actor, and 77% for Best Actress.

hurt Best Actor nominees less in the 1960s and 1970s
than in the 1940s and more recently, while previous
wins have tended to become less important for Best
Actress nominees over time (pink points).

The Golden Globes have remained useful predic-
tors of future Oscar success since their inception. The
changing fortunes of dramas (dark blue) and musicals
and comedies (light blue) can be traced in Figure 2,
with musicals and comedies appearing to hold an ad-
vantage over dramas in the 1960s with respect to Best
Picture wins, but with acting wins tending to favor
dramas, particularly for males. Guild awards have
clearly enabled quite accurate prediction of Best Di-
rector winners, and to a lesser extent Best Picture
winners (gray points). Since they have had a much
shorter history, it is not clear whether SAG awards
will be just as helpful in predicting acting wins, al-
though early indications would suggest so.

The effect of the number of Oscar nominations
(black points) on prediction of the Best Picture and
Director Oscars remains reasonably steady. Since the
number of nominations a movie can receive has ranged
in the past between 1 and 14, this variable is more in-
fluential than it appears to be in the graphs (which
show the effects of the number of nominations in-
creasing by one). The effects of the “front runner”
variables—which cut across all four categories—are
not shown in Figure 2 (they appeared to be less impor-
tant than the other variables, having estimates with
smaller magnitudes and larger standard errors).

The analysis also reveals which past nominees have
really upset the odds (winners with low estimated

probability of winning), and which appear to have
been truly robbed (losers with high estimated proba-
bility of winning). Table 1 provides details of the three
“most surprising” outcomes in each category (based
on the model results). A complete listing of the re-
sults is available at my web-site.

Table 1: Three outcomes in each of the major cat-
egories with the smallest estimated win probabilities
for the actual winner relative to the predicted winner.

Year Winner Prob Predicted Prob

Best Picture
1948 Hamlet 0.01 JohnnyBelinda 0.97
1981 Chariots of Fire 0.01 Reds 0.87
2004 MillionDollar Baby 0.02 The Aviator 0.97
Best Director
2000 S. Soderbergh 0.01 A. Lee 0.95
2002 R. Polanski 0.02 R. Marshall 0.92
1968 C. Reed 0.03 A. Harvey 0.97
Best Actor
2001 D. Washington 0.00 R. Crowe 0.99
1968 C. Robertson 0.00 P. O’Toole 0.89
1974 A. Carney 0.02 J. Nicholson 0.86
Best Actress
2002 N. Kidman 0.08 R. Zellweger 0.90
1967 K. Hepburn 0.05 F. Dunaway 0.43
1966 E. Taylor 0.08 A. Aimee 0.68
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Figure 2: Parameter estimates—posterior medians—for the explanatory variables for each of the four major
Oscar categories. The explanatory variables are described in Section 2.

5. Discussion

Discrete choice modeling of past data on Oscar nom-
inees in the four major categories—Best Picture, Di-
rector, Actor, and Actress—enables prediction of the
winners in these categories with a reasonable degree
of success. If recent trends persist, it should be possi-
ble to predict future winners with a prediction success
rate of approximately 77% for Picture, 93% for Direc-

tor, 77% for Actor, and 77% for Actress.

Further exploration of the results could reveal
additional insights into the predictability—or lack
thereof—of winning an Oscar. For example, there has
been much media speculation about legendary indi-
viduals who never won an Oscar. The analysis could
also be extended to other Oscar categories, such as
the supporting acting and screen-writing awards.
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